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Abstract: Technologies used in agriculture include communication networks, sensors,
artificial intelligence (Al), big data, cloud computing, and these technologies connect together
by the Internet of Things. Each one of these gives something useful to farming like processing,
data collection, management, direction, and the ability to make decisions and then implement
them. In this paper, we will show a group of important techniques used in agriculture.

Key words: digital agriculture, Al, big data, cloud computing, I10T.

Introduction. Farmers make decisions such as how much fertilizer to apply based on a
set of unorganized measurements, experience, but the results aren't noticed until the harvest
season. But if they use a digital agriculture system, it will gather data more repeatedly and
precisely and combined with external sources (like weather data). The resulting collected data
is analyzed and interpreted so the farmer can make more suitable decisions. These decisions can
then be quickly implemented with greater reliability through robotics and advanced machinery.
Digital agriculture brings together new opportunities, along with the widespread use of
advanced, related, and data-intensive computer technologies, also called the industry 4.0
revolution, to agriculture.

Big Data in agriculture. Big Data can help improve forecasting and operational
efficiency and lead to improved and timely decision-making. These technologies help analyze
a big group of data sources for improved vision. This broadens the analytics and predictive
options leading to better outcomes. Big Data technologies can affect an agribusiness in these
areas:

- Weather data;

- Improved forecasting of yields and production;

- Better optimized livestock and seeds and new methodologies that improve production
and yields;

- Real-time decisions and alerts based on data from fields and equipment;

- Integrated production and business performance data for improved decision making [4].

Cloud computing in agriculture. Cloud computing is the basic infrastructure that
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enables intelligent farming implementations such as scalable calculations, software, data access
and storage services. Through cloud computing, large-scale data can be stored with low
Investment cost, and instant access to this data becomes possible.

Cloud computing contributes to the agriculture sector with a wide range of
implementations:

- Real-time monitoring and guidance in agricultural production.

- Farm management system.

- Cloud computing enables instantaneous acquisition of information for weather and
other climatic conditions that may be needed during the agricultural activities and can be used
directly in decision-making through interrelated devices [3].

Internet of Things and Drones in agriculture. By bringing together information from
different sensors, 10T has unlimited potential application areas from monitoring of greenhouses
to animals and agricultural machinery, specifying the amount of seed, fertilizer, water and soil
chemistry, and weather's status. 10T technology enables efficient use of resources by allowing
producers to make timely and appropriate decisions with real-time and accurate data. As a
result of developments in drone technology, the use of these tools for agricultural purposes has
become widespread and it has become possible for farmers to access the images they need
instantly or by remote control of some farm practices such as pesticide application at low cost.
Drones that specially developed for agricultural applications, has highly-sensitive gauges and
Imaging systems to detect pests and plant diseases [1, 5].

Al in digital agriculture. Deep learning constitutes the state-of-the-art method for image
and language processing with promising results for addressing farming problems, such as weed
detection, plant disease diagnosis, crop type classification, and pesticide recommendations.
Techniques stemming from deep learning, such as transfer learning or capsule networks will
lead future decision-making by taking into account several factors, such as environmental
conditions, harvesting practices, financial needs, soil characteristics, or water availability [2].

Conclusion. Digital technologies have the possibility to make agriculture more
productive, more regular and to use time and resources more efficiently. This gives farmers
more advantages and wider social benefits around the world. It also enables organizations to
share information across traditional industry boundaries to open up new, disruptive
opportunities. The integration between these technologies will drive agriculture and the
economy of any county to new important target positions.
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Aunomayusn. DumonuMbl ABIAIOMCA  HEOMBbEMIAEMOU Hacmvio 100020  A3bIKA.
Koppexmnouiit  nepegod ¢gumonumos u ¢hpazeonocuneckux o000pomos ¢ ux ywacmuem
npeononazaem nNpuMeHeHue — MaxKux —JeKCUYecKux —Nnpuemos, Kak — mpaHciumepayus,
Kanokuposanue, o0obaesnenue. s epamomnoco nepesooa  (PUMOHUMO8 HEO0OXOOUMO
VUUMBIEAMb Yelb U CIULb NEePesoOUMO20 MeKCma.

Knioueeguwie cnosa: QmeOHuMbl, JIEKCU4ecKue npuemal nepeeoda.

C TOYKM 3peHUs JTMHTBUCTUKH (PUTOHUMBI ((DIOPOHUMBI) MPEACTABISAIOT COOOM Ha3BaHUS
pactenuii u (pazeosiorudeckre 00OpoThl ¢ uUx ywactuem [3, 4, 5]. B Teopuu mnepeBoja
M3BECTHBI MPHUEMBI, MO3BOJSIONINE NEpeNaTh CMbICH (UTOHMMA B MOHSATHOM ISl HOCHUTENS
nepeBoJiAero (pycckoro) sizeika dopme [1, 2, 6]. OqauM 13 JTEKCHYSCKUX TTPUEMOB SBIISICTCS
TpPaHcJAUTepanus — Bocco3gaHne (pUTOHMMA ¢ OMOIUIbI0 OYKB s3blKa mnepeBoja. Yarie Bcero
IIPUMEHSETCA TPAHCIUTEPALXS JIATUHCKOTO HAa3BaHWS PACTEHUs] IPU €ro OTCYTCTBHM B
MECTHOW (iope, BCIEACTBHE YEro B MEPEBOJAIIEM S3bIK€ HE C(HOPMHPOBANIOCH Ha3BaHME
Takoro pacrteHus. I[IpuMepoM MOXKET CIYKWTb TpaHCIWTEpAUUs Ha3BaHUS pPaCTEHUs
Anucoszanmoc, xapaktepHoro st (iopbl ABCTpajiuu. AHUTO3aHTOC OTHOCHUTCS K POIY
TPaBSIHUCTBIX MHOTOJIETHUX pacTenuii Anigozanthus Labil. u3 cemetictea KommenuHoiBeTHbIE
(Commeliales Dumort.) u umeet MecTHoe Ha3BaHue red and green cangaroo paw (OyKBaJIbHBIH
MepPEeBO/I - KEHT'yPUHBIE JIANKW) U3-3a XapaKTepHOU POPMBbI COLIBETHIA.

Jpyroii JieKCMYecKud TMpUEM — KAJbLKHPOBAHWME — TIPEACTaBIAECT CcO0O0l 3aMeHy
COCTaBHBIX 4acTeil (Mopdem, CIOB) HUX JIEKCMYECKUM COOTBETCTBHEM B SI3bIKE NEPEBOJA.
[TpuMepoM MOXKET CITy)KHTh NEPEBO Ha3BaHUs pacTeHus: Kowauvs nanka (PUSSYtOes), Mmpoko
pacrpoCTpaHEHOTO B CyOapKTUUYECKOW, YMEPEHHO BJIA)XHOW M YMEPEHHO KOHTHHEHTAJbHOMU
KInMmaTudeckux 3oHax EBponbl, A3un u CeBepHoil Amepuku (AneyTtckue octpoBa). Komaubs
nanka (Antennaria dioica (L.) Gaertin.) — MHOrojeTHEE TPaBIHUCTOE PACTEHUE C BOMIIOYHO-
OIYIICHHBIMH CTEOJISIMH, HATOMUHAIOIMMU OJlarofaps OMyIICHUIO MOXHATYIO JIANKY KOIIKH.

Eme onmuH nekcudeckuit mpueM — go0aBJjieHHe (paclIupeHue) — I1eecooOpasHo
MPUMEHSATH IS Nepeladyl UMIUTMUUTHBIX (MOApa3yMeEBAaeMbIX) JJIEMEHTOB CMBICJIA OPUTHHAIIA.
Hanpumep, ¢uronum foxbane (imces mnorubenn), oOO3HAYANOIMIMK paCTCHHE aKOHHT
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